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SUMMARY

This paper investigates the problem of robust fault detection observer design for nonlinear Takagi—Sugeno
models with unmeasurable premise variables subject to sensor faults and unknown bounded disturbance.
The main idea is to synthesize a robust fault detection observer by means of a mixed H_/H o performance
index. The considered observer is used to estimate jointly states and faults. Using the technique of descriptor
system representation, we proposed a new less-conservative approach in term of a linear matrix inequality
(LMI) by considering the sensor fault as an auxiliary state variable. A solution of the problem is obtained by
using an iterative LMI procedure. Copyright © 2012 John Wiley & Sons, Ltd.
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1. INTRODUCTION

Model-based fault diagnosis techniques have shown their interest in the industrial domain. Recently,
a considerable attention is given to this context in order to cope with diverse damages resulting in
faults occurrence (see [1-6] and references therein). Faults can cause unacceptable economic loss
or hazards to human operators and can lead to catastrophic consequences on the system itself or its
environment. Therefore, it is important to provide on-line operating information by using a moni-
toring system [7-11]. In the literature, many results on fault detection observer have been reported
for linear systems [2, 12] and nonlinear ones [13—15]. Two main criteria dealing with the above
observer design must be considered. The first one is that the fault detection observers have to be
robust, that is, insensitive to disturbances. The second guarantees the sensitivity to faults. For the
two cases, a suitable performance index has to be optimized. For this purpose, several performance
indexes are considered in the literature such as Hy [12, 16, 17], H_ [13], and mixed H_/H
criteria [2, 13, 18]. In recent years, the Takagi—Sugeno (T-S) fuzzy representation has attracted a
growing interest because it is a powerful solution that bridges the gap between linear and nonlinear
control systems. The important advantage of the T-S fuzzy model is its universal approximation of
any smooth nonlinear function by a ‘blending’ of some local linear system models, which greatly
facilitates observer/controller synthesis for complex nonlinear systems. Many results on fault detec-
tion observer design for T-S fuzzy systems have been reported in the literature [9, 19]. These works
generally considered that the weighting functions depend on measurable premise variables [1,2,20].
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In the field of diagnosis, this assumption forces to design observers with weighting functions
depending on the input u(z), for the detection of the sensors faults, and on the output y(z), for the
detection of actuator faults. Indeed, if the decision variables are the inputs, for example, in a bank
of observer, even if the i th observer is not controlled by the input u;, this input appears indirectly in
the weighting function and it cannot be eliminated. For this reason, it is interesting to consider the
case of weighting functions depending on unmeasurable premise variables, such as the state of the
system. This case makes it possible to handle a large class of physical systems [21-23].

Using descriptor approach, this work dealt with the problem of fault detection observer for
Takagi—Sugeno (T-S) model affected by both sensor faults and bounded disturbances. Although
many papers have dealt with the problem of observer design for descriptor systems, only a few works
have been carried out for simultaneous disturbance rejection and fault detection algorithms [1].
Compared with existing fault estimation schemes [24, 25], the given descriptor observer approach
leads to more suitable observer design, which is applicable to diagnosis of more general faults. The
proposed procedure has the advantage, over the ones proposed on [26,27], to estimate different
faults types, whereas the proposed method in [26] is only able to estimate step faults. The problem
formulation in a descriptor form allows also to estimate state and sensor faults simultaneously.

This paper aims to extend the results proposed in [4] to T-S models with unmeasurable premise
variables. The present work illustrates the design of a fault detection observer for T-S model affected
by sensor faults and unknown bounded disturbances. The observer gains and the residual weighting
matrix are obtained through the minimization of an H, norm and the maximization of an H_ norm.
The main objective is to design a fault detection observer such that the resulting residual has the best
robustness to disturbances and the best sensitivity to faults. Sufficient conditions are expressed in
terms of linear matrix inequalities (LMlIs), and an iterative algorithm is provided to get the solution.
This algorithm can be solved effectively using numerical optimization techniques.

This paper is organized as follows. In the next section, the class of studied systems and the
T-S fuzzy descriptor observer are presented. In Section 3, the problem of residual generation
and disturbance attenuation is expressed. Section 4 is devoted to the robustness conditions on the
fault detection observer, whereas the fault sensitivity conditions are presented in Section 5. The
multi-objective H_/Ho, fault detection observer is then detailed in Section 6, and an iterative
LMI algorithm is proposed. In the last section, a numerical example and a bioreactor model are
considered to illustrate the efficiency of the proposed approach.

Notation

The following notations are considered. H(P) denotes the Hermitian of the matrix P, that is,
H(P) = P + PT. I, is the identity matrix of dimension n x n, and the symbol * indicates the
transposed element in the symmetric positions of a matrix.

2. T-S FUZZY MODEL

Let us consider the following T-S structure model:

(1) = 3 a6 (Aisa6) + Brute)
yu(t) = Ca (1)

where x,(t) € R”, y,(¢t) € R?, and u(t) € R" represent respectively the nominal state, the mea-
sured nominal output, and the bounded input vectors. {A;, B;} are the submodels matrices with
appropriate dimensions. All A; matrices are supposed to be stable. r is the number of submodels,
and j; (£(¢)) are the weighting functions depending on the variables & (), which can be measurable
(as the input or the output of the system) or non-measurable variables (as the state of the system).
These functions verify the convex sum property

0< i) <1
Y mEO)=1 Vie{l2.r} @)

i=1

e))
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In this work, the considered premise variables £(¢) can be partially or completely unavailable for
measurement. We consider the continuous-time T-S fuzzy model to be affected by sensor faults and
unknown bounded disturbances. Then the T-S fuzzy system (1) becomes

£0) = 3 EO) A @) + Bu) + Bad (1)
¥(t) = Cx(0) + Dy (1)

where f(¢) € R® is the sensor fault vector, and d(t) € R"4 is the unknown bounded disturbance
vector. Matrices By and D ¢ are of appropriate dimensions, and D ¢ is assumed to be of full column
rank. To ensure the estimation of both the state and sensor fault vectors, we first constructed an
augmented system using the descriptor technique. The faulty system given by (3) can be rewritten
as follows:

3)

Ex(1) = Zui (1) (Aix(1) + Biu(1)) + Bad(t) + Dyh(r) @
i=1

y(t) = CX(1) = Cox(t) + h(r)

where
h(ty=Dy f(t) eR?, %(t)" = [x(t)"h(t)"] e R"*? (52)
= [ 0] - [4 o0 - [B] 5 _[Ba
=[5 o) A=y 5} B=[0] 2= [T]
Dh:[g],coz[c 0. ¢=[C 1,] (50)
We consider an observer under the usual form:
Ex() =" i (E0)) (Fiz) + Bu() (62)
i=1
x(t)=z(t)+ Ly(1) (6b)
F(t) = Cox (1) = CX(1) (6¢)

where z(1) € R"*7 is the auxiliary state vector of the observer, and x(r) € R”*? is the estimate

state. é(t) is the unmeasured premise variable depending partially or completely on the estimated
state X(¢). F;, E, and L are the observer gains to be determined.

3. RESIDUAL GENERATION AND DISTURBANCE ATTENUATION

Let us define the state error e(¢) and the residual signal r(z):

r@) =V (@) -3@) (7a)
e(t) = x(1) — x(1) (7b)

where V' is a weighting matrix.
Definition 3.1

Given the fuzzy system (3), two scalars y > 0 and 8 > 0. The observer (6) is called an H_/Hq,
fault detection observer if (6) is asymptotically stable, and the following inequalities are satisfied:

/ - rT(0)r(t)dr < p? f - dT(t)d(t)dr (8)
0 0
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/ S Or @ = B2 / T 0 s ©)
0 0

The goal is to find an admissible observer (6) to minimize y and maximize S, that is, an observer
that generates residual signals that have the best robustness to disturbances (d(¢)) and a maximal
sensitivity to faults ( f(¢)). In the following, we give conditions to design the fuzzy observer, and
we also give a bound for the estimation error.

To cope with the difficulty of expressing the augmented state estimation error dynamic in a
tractable way, Equation (4), is rewritten, on the basis of the property (2),

Ex() =" miE@m; () (i + A4, = 4;) %) + (Bi + B; — B;) ()

i=1j=1
+ Byd(t) + Dyph(t)
Using (6a)—(6c), we get

(10)

EX(t)— EX(t) = Ex(t) — E (2(1) + LCX(1))
It follows
(E + ELC)%(t) — EX(t) = Ex(t) — E%(1)
Then taking account (10) and (6a), we get

(E+ELC) 3()—Ex() =Y > i) ) (Ai+A;-A;) ) + (Bi+ By—Byyu(v))

i=1j=1
+ Bad(t) + Dph() = ) i (E(0) (Fiz(t) + Biu (1))
i=1

which is equivalent to

(E+ELC) 30— EX0) = Y. 3 mite ) (80) [Aje ) + (A - 4)) £ ()

i=1j =1 (11)
+ Bad(t) — (F; — A;) X(t) + Fj LCoX(t)

+ (él - B])u(t) + (FjL + Dh)]’l(t)]

Consider the following matrices F; € R®+2)-0+2) [ ¢ R™P and E € RO*+P)-(1+p)

T4, o o _[n+0C 0
F/“[—(’: —Ip]’L_[IJ’E—[ RC R] 12

where Q € R™? and R € R?? are chosen as non-singular, and we have
E=E+ELC, Fj=A; + F;LCy, F;L=-Dy, (13)

Then from (11), we obtain:

Eé) =Y 3wy (§0)) [(F;LCo+A)e()

=5 (14)
+(A; — Aj) X(t) + (Bi — Bj) u(t) + Byd(1)]
also
(A — A,) (0) = [Af ‘OAJ']X(;) (1)
Copyright © 2012 John Wiley & Sons, Ltd. Int. J. Adapt. Control Signal Process. (2012)
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Therefore, (14) is equivalent to

HOES IO (é(r)) [Sje(t) + Aijx (1) + Biju(t) + Gd(1)] (16)

i=1j=1
where
-1 | In —QR!
B = [—C R+ CQR_l} (an
ol A; + QR™IC OR™!
S;=E"'F; = [—CA]- “(RT+CORHC —R1— CQR_l} (18)
p 1| A=A Ai—Aj
e oL )
- = _ Bi — B;
Bij=E~'[Bi—B;]= |:—C(B,~ —ij)] (20)
_ g5, | Ba
6=£"s=| ¢4 | @
Consequently, the augmented state estimation error responds to the following nonlinear system:
r(t) = V(Coe(t) + h(t)) (22a)
(] _wwe (2 S, A1 [e®] , [B; G7 [u@
0] 3 wteonm () = A o]+ s] sl e
et) = [lnss 0] [i((?)] (220)

Remark 1

R and Q are free matrices, which must be chosen to ensure the non-singularity of matrix £. In
addition, the dynamics of the residual signal depends not only on fault f(¢) but also on the state
x(t), input u(t), and disturbance d(¢). Thus the problem of designing the observer can be described
as designing matrices R, Q (i.e., finding the observer gain E) and V' such that

e the generated residual r(z) is as sensitive as possible to fault f(¢) and as robust as possible to
unknown disturbance d(t);
e the £, gain from the input u(¢) to the state and fault estimation error e(¢) is minimized; and

e the matrices |:%] 1:{4” i| are quadratically asymptotically stable.
1

When d(¢) = 0, we have

re(t)y=V (Coes(t)+ Dy f(1)) (23a)
er)| "~ + 2 S; Ay [er(®) By
] XY watcom (E0) R B R A ) e
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and when f(z) = 0, we have

rq(t) = VCoeq(t) (24a)

)] e (z S; Ay Tea®] , [Bi; G [u()
Kt B Iy Ry U R P B ] R A ]

In the following two sections, expressions (23) and (24) will be independently used to study the
problems of robustness and sensitivity.

4. Ho, ROBUSTNESS CONDITIONS

In this section, only robustness against disturbance is studied by considering the Ho, performance
index.

Lemma 1
If there exist symmetric positive definite matrices P; € RO +)*®+9) apnd p, € Rutna)xu+na)
for a given constant A > 0, such that the following conditions are satisfied fori, j =1,---,r
Z; * * *
Bl.Tj P BiTPz —Azlnu *
GTP1 B;Pz O —yzlnd
with
Zi=H(P1S;))+CyVTVCo+ I (25a)

Then the system (24) is stable with y-disturbance attenuation and the £,-gain from u(¢) to e (¢) is
bounded by A.

Proof
Let V(egz(¢), x(¢)) denote the following candidate Lyapunov function:

. T
_[éa(®) Py 0 ||eqa(?)

Viea(t),x (1)) = |:x(t) :| X |: 0 P, x(t) (26)

where P;, P, are symmetric positive definite matrices. By respecting the criterion (8), that is,

[ ri@ra(r) <y? [3° dT(t)d(1)dt, the L5 gain from u(2) to e4(¢) is bounded by A if

Viea(t),x (1)) + ey (t)ea(t) +rg(t)ra(t) = Au" (tyu(r) — y*d" (1)d (1) <0 @27

Considering the Lyapunov function (26) and the trajectory of e¢; (¢) defined by (24b), the inequality
(27) can be written as

T Z;: * * %
eq(t) ) eq ()
'z . AL P H(PyA;) * *
N3 i@ (Bo) | 0| x| 5 AR
L L™ J u(t) BLP,  B'P, )21, * u(t)
i=1j=1 d(t) T T > d(t)
G' P, Bd P 0 -V Ind
(28)
It follows that (28) is satisfied if the LMI (25) holds. The following result derived in LMI terms
guarantees the robustness against the disturbance. O
Copyright © 2012 John Wiley & Sons, Ltd. Int. J. Adapt. Control Signal Process. (2012)
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Theorem 1

Consider the system (3) with observer (6), system (24) is asymptotically stable satisfying (8), for
a given constant y, and minimizing the £, gain A if there exist some symmetric positive definite
matrices Py, P12, P, matrices Ny, N;, and V' such that the following LMI are satisfied:

My,; <0fori, j=1,--,r (29)
where M, ; is defined by
M Ay * * * * * ]
~A2j —~,H(N2) * * * *
A;l; P11 —AT-CTP12 rH(PzAl) * * *
My =1 Ky —BICTP,  BTP, XL, o+ % (30)
BIPy —ByC'Py, BIP, 0 Vi, *
|46 0 0 0 0 -1, |
with
Ayj =H(P1Adj) + HINC) + I
T T (31a)
Arj =Ny — P,CA; — N>C
Ny = P11 QR™!
%Nz — Pia(R™' + COR™) (31b)
and
AT = AT— AT, BT = BT — BT
T T (31¢)
]Cij = (Bl _Aj) P11
Proof
On the basis of Lemma 1 and by using the Schur complement, we get
H(P1Sj) + In * * * *
AiTj Py H (P A;) * * *
BE Py BI'P,  —A%l,, * % | <0 (32)
GTP1 B}Pz 0 —yzlnd *
VCy 0 0 0 -1
By considering P; = diag [P11 P12] , and Equations (18)—(21), the inequality (32) becomes
i @]1-’1 * * * * * |
(—912.’1 ©22 * * * *
A’ll; Pll _érl'erTPIZ @3’3 * * * <0 (33)
’Cij —ngCTPIZ BITPZ —Azlnu k k
BIPyy —BLC'P, BYP, 0 —y%l,, =
| VC 0 0 0 0 —1 |
where
O =H(P114;) +H(PuQR™'C) + 1,
@}‘ =(QR™HY'P;; — PL,CA; — Pi (RT'+ COR™Y) C
©%? = —H (P12 (R™' + CQOR™))
Al = AT — A" BT = BT — BT 34
ij — i — 4D =0 =D
Kij = (B =A%) Py
0> =H(P2A;)
Copyright © 2012 John Wiley & Sons, Ltd. Int. J. Adapt. Control Signal Process. (2012)
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Unfortunately, conditions (33) are not jointly convex because of the coupling of Py1, P12, Q, and
R. By introducing the variable changes defined by (31b), we obtain LMI (29). |

Remark 2
As Dy is assumed to be of full column rank, the sensor faults estimation can be obtained by

A

fwy=(p50s) " DY) (35)

This assumption seems to be too strong in some cases, and the condition can be omitted using finite
frequency domain method [28,29].

5. H_ FAULT SENSITIVITY CONDITIONS

This section is devoted to the sensitivity problem of the residual r(¢) with respect to fault f(¢). In
fact, our objective is to make the residual as sensitive as possible to fault. To achieve this goal, the
H_ index is used hereafter.

Theorem 2

Consider the system (3) with observer (6), system (24) is asymptotically stable satisfying (9), for
a given positive constant f, and minimizing the £, gain A if there exist some symmetric positive
definite matrices P11, P12, P>, matrices Ny, N,, and V such that the following LMI are satisfied:

My, <0fori,j=1,---,r (36)
where Ml,»_,» is defined by
B Ay * * * x % |
~Azj :H(Nz) * * * *
- APy —ALCT Py —H (P2 4;) * * ok -
My = Kij —éijTP12 B!'P, ALy, k% Gn
L 0 0 0 M %
| VC 0 0 0 0 1]

with Ay; and A,jare defined by (31a) and Ny and N, are given by (31b).

Proof
Let V(e s (t),x(t)) denote the following candidate Lyapunov function:

. T
Vier(),x(1) = [i{((f))] [};‘ }92] [‘;{(?))] (38)

where P;, P, are symmetric positive definite matrices. Note that we seek to minimize the £,-gain
of the transfer from u(¢) to the estimation error vector e (¢); this is formulated by:

ulls 0, 4]z 52 (39)
lull,

Copyright © 2012 John Wiley & Sons, Ltd. Int. J. Adapt. Control Signal Process. (2012)
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Then we get by considering (23)

> ~ o d(V(es,
J_=/O r}rfdt—,BZ/O fodt=/O |:r}rf_'32fo_%}df_,_y(ef’x)

_ /0 ([C*ef D fIVVIC*es + Dy fl— ST f

- S weoms (E0) < [ }H([So’ ik QZD H

i=1j=1

+ [e){]TH([’; 1‘32] [’Z u(lT))[ ]})dt+V(ef,x)

00 r r R e)‘cf
= [ XX meonm, (o) x Ve
0 Vi=1)=1 ¥
(40)
where
Zj * * *
—/IT Py —H(PyA; * *
5, = 1 (P24;) @1
B Pl —BITPZ /lzlnu *
L 0 0 M
with

L=Ds)"(VCy), Z;j = —H(P1S;) +CaV™VCo+ I, M = —p*I;+ (VD z)" (VD)
Hence if 3j; = 0, it follows that J_ > 0, that is,

—Zj * * *
—I‘ITP H(PyA; * *
1 ( 2 1) , <0 (42)
B P] —B;FPZ —k Iﬂu *x
L 0 0 -M

By considering Py = diag[P11 P12, and Equations (18)—(21), the Schur complement and vari-
able changes defined by (41b), the conditions (36) are fulfilled where A;; and A,; are defined by
(41a), which achieves the proof. O

6. MULTI-OBJECTIVE H_/H, FAULT DETECTION OBSERVER DESIGN

In this section, we propose to mix H_ and Hy performances where the goal is to design a
robust fault detection observer, which generates residual signals that have the best robustness to
disturbances and the best sensitivity to fault. The following theorem is proposed:

Theorem 3

Consider the system (3) with observer (6), and system (7) is asymptotically stable satisfying (8)
and (9) and minimizing the £, gain A if there exist some symmetric positive definite matrices
P11, P12, P2, matrices N1, N2, and V' such that LMI M, and M, ,, respectively defined by (30)
and (37), hold.

The objective is to find Q, R, and V', which satisty the performances (8) and (9). However, as
stated earlier, the mixed H_ and H, performances given by Theorem 3 lead to a nonlinear problem
in V. To solve this problem, consider the following variable changes:

vi=vk1pD, (43a)

Copyright © 2012 John Wiley & Sons, Ltd. Int. J. Adapt. Control Signal Process. (2012)
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vk =vyklic (43b)

According to Theorem 3, using the Schur complement theorem, M 1;; 1s substituted by the following
matrix:

* * * ¢ *
~A2j :H(Nz) * *
Al P11 —ALCT Py H(PA)) * (44)
’Cij —BiTjCTPlz —BiTPz —/lenu * *
0 0 0 0 Q *
L ve 0 0 0  VD; I,
where
Y= Ay +261 (V.VE), @=p1, +26, (v, VF) (452)
T T
Gy (V’ VCK) = (VCK) VCK - (VcK) Ve - CTVTVCk (45b)
T T
K\ _ k k k Ty Ty k
G2 (v.vE) = (vF) vi=(vf) vpr—DhvTvs (45¢)

Considering a starting point V', an iterative algorithm can be used to solve such problem. Thus, to
find a suitable initial value V°, a solution consists in solving M ;; or MZi_/ for given values of y
and S. The following algorithm summarizes the method:

(1) Fix a value of 8 > 0.

(2) Solve LMI M, or M3, to find feasible solutions P11 P12 or X11 X12, matrices P, N1, Na, A
and VA1 k =1. ) .

(3) Include VA~ into LMIM,; or My, andset Vi = VE~1D s VE = V¥71C 1o find a feasible
solution P11, P1p or X171, X12, matrices P, N1 N> A, y, and vk,

(4) Increase 8, k = k + 1 and go to step 3 if a feasible solution cannot be found, then stop.

Recall that when y and B cannot be improved, we deduce from (31b) the gains of the observer (6)
satisfying the multi-objective H_/H o, performance as follows:

(1) R= (P3N, — CPIN)
(2) Q=P 'NiR;
(3) then Fj, L, and E are computed from (12).

Remark 3

Note that the proposed approach cannot guarantee an optimal solution because of interactions
between disturbance and faults. Coupling terms introduce a sub-optimality of the result that it seems
difficult to consider without knowledge of the evolution of disturbances and faults. However, by min-
imizing and maximizing H.,/H_ performances, we try to obtain a high sensitivity to faults (but not
the strongest) and low sensitivity to disturbance (but not the lowest). The given examples illustrate
this objective.

7. SIMULATION EXAMPLE

7.1. Example 1—numerical example
Let us consider the following T-S model:
2
2(1) =Y pi(E@) (Aix (1) + Biu(t)) + Bad (1) 46)
i=1
y()=Cx(®)+ Dy f(1)

Copyright © 2012 John Wiley & Sons, Ltd. Int. J. Adapt. Control Signal Process. (2012)
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with

The weighting functions depend only on the first state variable x;(¢). They are defined by the
following membership functions:

p1(x1(1)) = (1 —tanh(0.5 — x1(1))) /2

(47)

pa(x1(2)) =1 —pr(x1(2))
Let us consider the following fault signal f(t) = (f1(¢) f> (t))Taffecting the system behavior and
described as follows:

f1(t) = sin(5(t —0.4))e! "~ occurs at 65 <t < 9s (48)

0.02(t —1) 12s<t<l14s
f2(t) =30.01(r —1) 14s<t<16s (49)
0 otherwise

An unknown disturbance d(¢) with band-limited white noise as given by Figure 1 is considered.
Thus the simulation results are illustrated.

To show the sensitivity of the residual signal r(z) to the faults f;(z), f>(t), we perform two simu-
lations: In the first one, robustness against disturbance is considered by applying the H, conditions
in Theorem 1. In this case, Figure 2 shows the residual trajectories of r;(¢) and r,(¢). The second
case concerns the multi-objective H_/H, observer design where Theorem 3 applied. As a result,
when y is reduced to 0.6 and f is increased to 4, we compute V', R, and , Q

V=|: 37.2858 30.6721], R

7.3800 —12.4450 0
—55.6939 121.7611 ’

2.0546 6.5354
0.1919  —0.0312

—2.7236 8.9490

The corresponding observer gain matrices and residual weighing matrix are

53 0 0 2 1 0 0 ;
I =3 0 0 I -1 0 0 0010
Fr=1_o1 o1 =1 of'T2T |00 o1 -1 0 ’L—[o 00 1}
01 0 0 -1 01 0 0 —1
3 1—| ul
——d(t) 051
2 [o]

l -1 . \/\/ \/\/\/
o 5 10 15
0.5 / —
4 i
0.5 i
2 ‘ ‘ . ‘ .
0 20 40 60 80 100 = -

(o] 5 20

o

Time (sec) Time (sec)

Figure 1. Disturbance d(t) (left) and inputs (right).

Copyright © 2012 John Wiley & Sons, Ltd. Int. J. Adapt. Control Signal Process. (2012)
DOI: 10.1002/acs



S. AOUAOUDA ET AL.

50 100
0 . F:\F\_
= ]
-100 4 oo -

-150 L L - -200 -
0 20 0 5 10 1 5 20

Time (sec) Time (sec)

60 400

20
0 0

-20 _ -200 " . .
0 5 1 0 1 5 20 0 5 10 1

Time (sec) Time (sec)

(&)
N
(=]

Figure 2. Generated residuals ry, ro Theorem 1(left) and Theorem 3(right).
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Figure 2 illustrates the residual trajectories of r;(¢) and r,(¢) generated from Theorems 1 and 3.
Figure 3 shows good estimation of both state and fault sensor affecting the system and Figure 4 the
good estimation of the output signals yt).
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Figure 3. Faults ( f1, f>) and their estimates (left); states (x1, x2) and their estimates (right).
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Figure 4. Outputs (y1, y2) and their estimates.
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7.2. Example 2—bioreactor model

In this section, the effectiveness and the applicability of the proposed approach are illustrated on
a reduced bioreactor model. This system is widely used in wastewater treatment plant. The state
estimation problem is then an important task in monitoring the operation of the process in order
to respond to a failure. The bioreactor under consideration can be represented by the following
nonlinear system:

Ky (1) = 22020y (1)u (1)

. (50)
(1) = —SEHEEE + (d — xa(0)u)

where x1(t) represents the biomass concentration, x,(¢) is the substrate concentration, and u(¢) is
the dilution rate. The following parameters are given: a = 0.5, b = 0.07, ¢ = 0.7, d = 2.5. Using
the well-known sector nonlinearity approach [30], we obtained a T-S model structure where the
input and state vectors are considered as ‘premise variables’ and denoted £;(.)(j = 1,---,¢q). For
¢ premise variables, r = 29 submodels will be obtained. The preceding model is composed of three
nonlinearities:

§1(t) = —u()

_axq(?)
E2(x) = o)+ (5D

caxi(t)

x2(t)+b

A T-S model with eight submodels is then obtained in a compact state space leading to define
the intervals variations of &;(¢), &(x), and &3(x) by & (¢) € [—1,-0.2], &(¢) € [0.004,15],
&3(r) € [-1.72,—0.2]. The derived T-S model is

§3(x) = —u(r) -

8
0 = 2 i EO)(Aix (@) + Bu(0) + Bad(©) (52)
y(@)=Cx()+ Dy f(0)
where
—02 15 02 15 —02  0.004 —02  0.004
Al:[—o.z —o.z}’Azz[—mz —0.2]’A3:[—0.2 —0.2 }’A“:[—l.n —0.2 }

-1 15 -1 15 —1  0.004 -1 0.004
As = [—0.2 —1}’ As = [—1.72 —1]’ A= [—0.2 -1 } Az = [—1.72 -1 }

0 10 40 0
B":B:[z.s]’cz[o 1]Df:[o 8:|’Bd:|:0.5]

u(t)
0.8} g
0.6} i
0.4} B
0.2 . ‘ . ‘
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Time (sec)
Figure 5. Time evolution of input.
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A fault signal f(t) = (f1(t) f2(¢))" affecting the system behavior is considered and described in
Figure 7. An unknown disturbance d(¢) with band-limited white noise is also considered (the same
as in example 1, plotted in Figure 1). The time evolution of input vector u(¢) is plotted in Figure 5
and membership function evolution in Figure 8.

First, robustness against disturbance is considered by applying the H, conditions (Theorem 1).
The second case concerns the multi-objective H_/H, observer design where Theorem 3 is applied.

As a result, when y is reduced to 0.8 and g is increased to 3, we compute V, R, and Q:

V= 81.3443 —3.6069 R— —5.8908 1.3030 0= 24.9392 —6.3961
T | —24.4508 50.3752 [>T | =7.9326 1.6555|° = | 3.3261 —0.8377
The corresponding observer gain matrices and residual weighing matrix are
-02 15 0 0 —0.2 15 0 0
0 -0.2 0 0 0 —-1.72 0 0
Fi=1 o -1 4 o |"F2=] 0o i —1 0
-1 0 0 -1 | —1 0 0 -1
—-0.2 0.004 0 07 —0.2 0.004 0 0
0 —-0.2 0 0 0 —-1.72 0 0
Fa=1 9 1o |PTeT 0 o 10
—1 0 0 -1 | —1 0 0 -1
—1 15 0 07 —1 15 0 0
0 —0.2 0 0 —-1.72 -1 0 0
Fs=| o 1 o|Fe=1 o -1 -1 0
-1 0 0 -1 -1 0 0 -1
-1 0.004 0 0 -1 0.004 0 0
—-02 -1 0 0 -1.72 -1 0 0
=10 - -1 o ["F8=| o -1 -1 0
—1 0 0 —1 -1 0 0 -1
—5.3961 24.9392 249392 —6.3961
1= 001 0] E —0.8377 4.3261 3.3261 —0.8377
10 0 1|’ 1.3030 —5.8908 —5.8908 1.3030
1.6555 —7.9326 —7.9326 1.6555
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Figure 6. Generated residuals r1, r» Theorem 1(left) and Theorem 3(right).
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Figure 6 illustrates the residual trajectories of r;(z) and r,(¢) generated from Theorems 1 and 3.
Figure 7 shows the good estimation of both state and sensor faults affecting the system and Figure 9

the good estimation of the output signals yt).

Comparing the right and left simulations of Figures 2 and 6, we can conclude that the sensitivity
of the residual r(¢) to the fault f(¢) and the robustness against the disturbance d(¢) are significantly
improved with the multi-objective observer H_/H, .
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Figure 7. Faults ( f1, f>) and their estimates (left), states (x1, x2) and their estimates (right).
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Figure 8. Membership function evolution.
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Figure 9. Outputs (y1, y2) and their estimates.
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As a result, the effect of the disturbance on the residuals is weak (because of the minimization of
the H performance index). Furthermore, the maximization of H_ performance index leads to have
a high sensitivity to faults. However, remember that such minimization/maximization of H.o/H_—
performances does not lead to the strongest sensitivity to faults nor to the lowest sensitivity to
disturbance.

8. CONCLUSION

In this paper, a multi-objective H_/H, fault detection observer has been designed for T-S fuzzy
model with unmeasurable premise variables. A robust sensor fault detection observer using descrip-
tor theory has been designed using a T-S model with unknown bounded disturbances. Sufficient
conditions for the existence of such observer are given in terms of LMIs, and an iterative algorithm
is proposed to obtain a solution. At last two examples are given to show the effectiveness of the
proposed approach.

On the basis of these results, interesting future studies are planned such as considering
uncertainties and delay problems with more relaxed design conditions.
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